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Horacio Saggion,1 Mehrzad Tareh,1 Nouran Khallaf,2

Stefan Bott,1 Daniel Adanza,1 Almudena Rascón Alcaina,3
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Abstract: This paper presents MER-TRANS, a shared task on multilingual easy-
to-read translation organised within the context of IberLEF, the evaluation cam-
paign for Natural Language Processing (NLP) systems in Spanish and other Iberian
languages. The objective of MER-TRANS is to challenge the NLP community to de-
velop solutions that produce easy-to-read versions of texts and sentences in Arabic,
Catalan, Italian, and Spanish. The task features a multilingual corpus of original
documents and their easy-to-read adaptations in Catalan, Italian, and Spanish, as
well as a sentence-aligned dataset of original sentences and their simplifications in
Arabic. MER-TRANS attracted seven teams which submitted a total of 42 systems
(including the organisers’ baselines), all of which were evaluated using automatic
metrics.
Keywords: Automatic Text Simplification, Easy-to-Read, Linguistic Accessibility,
Multilingual Text Processing.

Resumen: Este art́ıculo presenta MER-TRANS, una tarea compartida sobre tra-
ducción multilingüe a lectura fácil, organizada en el marco de IberLEF, la campaña
de evaluación de sistemas de procesamiento del lenguaje natural (PLN) en español
y otras lenguas ibéricas. El objetivo de MER-TRANS es desafiar a la comunidad
de PLN a desarrollar soluciones que generen versiones en lectura fácil de textos
y oraciones en árabe, catalán, italiano y español. La tarea cuenta con un corpus
multilingüe compuesto por documentos originales y sus adaptaciones a lectura fácil
en catalán, italiano y español, aśı como con un conjunto de datos alineado a nivel
de oración que incluye oraciones originales y sus simplificaciones en árabe. MER-
TRANS contó con la participación de siete equipos que presentaron un total de 42
sistemas (incluidos los sistemas de referencia de los organizadores), todos los cuales
fueron evaluados mediante métricas automáticas.
Palabras clave: Simplificación Automática de Textos, Fácil Lectura, Accesibilidad
Lingǘıstica, Procesamiento de Texto Multilingüe.

1 Introduction

Linguistic accessibility is increasingly recog-
nised as a fundamental citizens’ right. The
United Nations Convention on the Rights
of Persons with Disabilities (UNCRPD) in-

cludes accessibility as one key enabler for
a more inclusive society. The European
Union has ratified this convention, and there-
fore, accessible information is now a bind-
ing legal obligation. Most importantly, the
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EU adopted the European Accessibility Act
(EAA) in 2019, which requires that many ev-
eryday products and services (including dig-
ital information services) meet strict Euro-
pean accessibility standards. The UNCRPD
and the EAA stress that information has to
be provided in accessible language, such as
plain language or easy-to-read (E2R) lan-
guage. Only in this way can the population
segments with language comprehension diffi-
culties exercise their now recognised right to
participate in society and public life. In re-
sponse, the European Commission and other
bodies have begun to produce “easy-to-read”
versions of key documents. However, provid-
ing information in easy language in a real-
world setting is challenging. High-quality
E2R content must typically be written or
translated by human experts following spe-
cialised guidelines, and then often validated
by target readers. This manual process re-
quires considerable effort, time, and exper-
tise, which limits how much content can be
produced or translated into easy formats. As
a result, only a fraction of official communi-
cations or legal texts might ever be available
in simplified form. Society faces a clear gap
between the aspiration of accessible informa-
tion for all and the practical reality of inac-
cessible content. Over the years there has
been considerable research in text simplifica-
tion (Saggion, 2017; Al-Thanyyan and Azmi,
2021). While early automatic text simpli-
fication suffered from an abstract definition
of its goal, contemporary approaches target
specific, measurable standards like plain lan-
guage and Easy-to-Read text (Ginel et al.,
2025).

The MER-TRANS shared task organised
in the context of the IberLEF 2026 evaluation
forum (Bonet-Jover, González-Barba, and
Chiruzzo, 2026) aims at advancing the state
of the art in the field of easy-to-read transla-
tion with a specific emphasis on multilingual-
ity, addressing two Romance languages from
the Iberian Peninsula: Catalan and Span-
ish, as well as Italian, while Arabic was in-
troduced as a surprise language to encourage
flexible, true multilingual approaches.

2 Task Description

In our proposed task, we challenge partici-
pants to automatically produce easy-to-read
versions of texts and/or sentences from a re-
cently developed corpus. The texts are sam-

pled from the iDEM corpus, a multilingual
dataset in the domain of democratic partici-
pation created in the context of a European
project (Saggion et al., 2024), which has been
simplified by human experts following easy-
to-read recommendations and high-quality
standard procedures (Bott et al., 2026) a
version of which is released for this shared
task. The surprise track released Arabic
text simplification resources to the commu-
nity(Khallaf and Sharoff, 2021). The task,
which features a dedicated Web page1 was
publicized via mailing list and social net-
works and requested participants to submit
up to three runs per language for evaluation.
As a result of our call, thirteen teams regis-
tered for the task, seven of which ultimately
submitted their systems’ outputs.

3 Relevance and Novelty

Access to information in easy-to-read formats
is relevant for many communities, including
people with intellectual disabilities, people
with low literacy, or more generally, peo-
ple who struggle with language complexity.
This is the first task that addresses multilin-
gual easy-to-read adaptations. Previous re-
lated tasks were in the area of lexical sim-
plification (Shardlow et al., 2024; Saggion
et al., 2022)(e.g. TSAR 2022, BEA 2024)
or targeted CEFR simplification in English
(Alva-Manchego et al., 2025) (e.g. TSAR
2025) or easy-to-read or plain language adap-
tations in Spanish (Botella Gil et al., 2025)
(e.g. CLEARS 2025). Moreover, this task
addresses two Iberian languages: Catalan
and Spanish, with Catalan being an under-
resourced language where text simplification
is of concern. In addition, the task also tar-
gets Italian with Arabic included as a surprise
language.

4 Easy Language

Plain language is defined as ”a communica-
tion that puts readers first. It considers: (1)
what readers want and need to know; (2)
readers’ level of interest, expertise, and liter-
acy skills; and (3) the context in which read-
ers will use the document” (ISO, 2023). This
methodology has the aim of ensuring readers
can find what they need, understand it, and
use it.

1https://lastus-taln-upf.github.io/
mertrans-iberlef-2026/
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Plain language acts as an umbrella term
under which various levels of text simplifica-
tion and adaptation fall. Easy-to-read (E2R)
is the methodology specifically designed for
people with reading comprehension difficul-
ties. In Spain, we have a UNE standard that
sets out specific guidelines for writing and
designing in easy-to-read Spanish (AENOR,
2018). This standard is also used as a refer-
ence for Catalan, with the necessary adjust-
ments to account for the specific characteris-
tics of that language.

The strategies used in easy-to-read texts
make it possible to reduce the complexity of
the texts whilst retaining their essential infor-
mation. To this end, strategies such as lexical
substitution, syntactic restructuring, and oc-
casional explanation or clarification, amongst
others, are employed.

Furthermore, a key element of this UNE
standard is the requirement to test and vali-
date the comprehension of easy-to-read texts
with users who have comprehension diffi-
culties. Given the specific context of this
project, the corpus available for this task has
not yet been validated by final users.

5 Shared Task Data

The task features two datasets which are de-
scribed below.

5.1 The iDEM Corpus

The main dataset for the shared task was the
iDEM corpus (Bott et al., 2026), which cov-
ers Italian, Catalan, and Spanish. Table 1
shows the size of the language-specific parts
in sentences and words.

Language Sentences Words Words per
Segments Sentence

Segment

Orig Simp Orig Simp Orig Simp

Spanish 354 1290 11665 10883 32.95 8.44
Catalan 380 405 11570 14279 41.32 35.26
Italian 325 718 10398 12230 31.99 17.03

Table 1: Distribution of number of sentence seg-
ments and words, and the word per sentence seg-
ment ratio for each language.

The corpus contains texts from the do-
main of public deliberation from different
sources, like informative texts from institu-
tions, political articles, and news articles,
among others. In terms of content, it cov-
ers social policy, justice and services, health

policy, accessibility, governance and similar
topics.

The simplified versions of the texts were
produced by professional E2R translators,
on the basis of variants of three language-
specific versions of the E2R recommenda-
tions. While translating, translators an-
notated which E2R recommendations they
were applying. The recommendations varied
somewhat across languages, but targeted the
same linguistic phenomena. Tables 2 to 4,
show the frequencies of simplification oper-
ations. The most common ones across lan-
guages are the use of frequent and familiar
words (verbs, nouns, adjectives, etc), separa-
tion of ideas into separate sentences, lines or
clauses, and the use of simple syntax.

For the shared task, the corpus is dis-
tributed as CSV files (one per language)
where each line contains an original sentence
and its simplification. The document identi-
fier and sentence number are also provided to
facilitate and encourage context-aware sim-
plification experiments. A JSON version of
the corpus with embedded simplification cri-
teria will be published at a later stage.

Simplification Criteria Count %

Use of paragraph breaks or line
breaks to separate ideas into dif-
ferent sentences

241 22.8%

Use of frequent/common verbs 116 11.0%
Use of short, simple, and com-
monly used nouns

111 10.5%

Reordering of sentences into logical
structure: subject + verb + predi-
cate

84 7.9%

Elimination or substitution of ab-
stract terms, foreign words, vague
content, and/or technical jargon

79 7.5%

Use of indicative mood and simple
tenses (present, simple future, sim-
ple past, and imperfect)

48 4.5%

Definition of technical or complex
terms necessary for the document

45 4.3%

Addition of subject to avoid ellipsis 41 3.9%

Table 2: Most frequently used annotation tags:
Spanish.

For each language, the trial data con-
sisted of one complete document containing
original segments of varying lengths together
with their Easy-to-Read reference simplifi-
cations. The trial documents contained 4
Spanish, 7 Catalan, and 8 Italian original
segments. The remaining data formed the
official test set, comprising 350 Spanish, 373
Catalan, and 317 Italian original segments.
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Simplification Criteria Count %

Choose words that are easily un-
derstandable and familiar to the
target group.

261 55.30%

Only use common and frequent ad-
verbs. Avoid adverbs ending in -
ment.

48 10.17%

When listing elements related to
a single idea in one sentence, use
commas to separate them.

34 7.20%

Write quantities and figures using
numbers instead of words.

22 4,66%

Create a glossary or include glosses
in the document if there are terms
that are difficult to understand.

22 4.66%

The most common punctuation
marks may be used: period (.),
comma (,), question mark (?),

19 4.03%

exclamation mark (!), and the at
symbol (@).
Prioritize simple syntax. Use the
neutral order of the elements of the
sentence. Prefer short sentences

15 3.18%

Avoid using percentages when ad-
dressing people with significant
comprehension difficulties

10 2.12%

Table 3: Most frequently used annotation tags:
Catalan.

Simplification Criteria Count %

Use of commonly used verbs 292 13.34%
Use of periods or commas to sepa-
rate sentences with multiple ideas

271 12.38%

Elimination or modification of ab-
stract terms, foreignisms, vague
content, and/or technical jargon

264 12.06%

Use of short, simple, and com-
monly used nouns

255 11.65%

Use of commonly used adjectives 163 7.45%
Use of commonly used adverbs 143 6.53%
Avoid use of semicolons (;), el-
lipses (. . . ), parentheses, quotation
marks, and other unusual punctu-
ation

77 3.52%

Table 4: Most frequently used annotation tags:
Italian.

5.2 Arabic Dataset

We use a subset of 398 aligned sentence pairs
from the Saaq al-Bambuu Arabic simplifi-
cation corpus introduced by (Khallaf and
Sharoff, 2021). The original corpus was cre-
ated by aligning sentences from Saud Al-
Sanousi’s novel Saaq al-Bambuu with its au-
thorised simplified edition for learners of Ara-
bic as a second language, resulting in 2,980
complex-simple sentence pairs. The subset
used in this study comprises 20 trial pairs
with reference simplifications and 378 test
pairs. The trial examples were manually se-
lected to represent a range of sentence struc-
tures and simplification operations, providing

Measure Mean Q1 Med. Q3 IQR

Orig. words 18.33 10.00 15.00 23.00 13.00
Simpl. words 13.69 7.50 12.00 17.00 9.50
Word red. 4.64 0.00 2.00 7.00 7.00
Red. (%) 20.73 0.00 16.67 35.71 35.71

Table 5: Length statistics for the 398 Arabic sen-
tence pairs. Q1, Q3, and IQR denote the first
quartile, third quartile, and interquartile range,
respectively.

demonstrations of the expected simplification
behaviour for the unseen test instances.

The source sentences frequently contain
subordinate clauses, coordination, descrip-
tive expressions, named entities, and liter-
ary narrative structures. To characterise
the transformations applied in the refer-
ence simplifications, we use the existing an-
notations based on the simplification on-
tology introduced in (Khallaf, Eugeni, and
Sharoff, 2025). The ontology captures oper-
ations including compression, omission, lex-
ical substitution, syntactic change, modula-
tion, transcription, transposition, and expla-
nation. Since the annotation scheme is multi-
label, an individual sentence pair may con-
tain several simplification operations simul-
taneously. Compression and omission are the
most frequent strategies in the selected sub-
set, followed by lexical substitution, although
the data also includes syntactic restructur-
ing, semantic re-expression, minimal-change
transcription, clarification, and explanation.

Table 5 presents the sentence-length
statistics for the aligned subset. The mean
length decreases from 18.33 words in the orig-
inal sentences to 13.69 words in the simpli-
fied references, while the median decreases
from 15 to 12 words. The interquartile range
also declines from 13 to 9.5 words, indicat-
ing that the simplified sentences are gener-
ally shorter and less variable in length. Of
the 398 pairs, 295 simplified sentences are
shorter than their original counterparts, 76
retain the same number of words, and 27 be-
come longer. The longer simplifications typi-
cally involve explanation, clarification, or ex-
plicit reference resolution.

6 Baselines

In order to provide comparison points, three
baselines were established. A DoNothing
baseline produces no simplification, copying
the input sentence. The two other base-
lines employ current off-the-shelf LLM-based
prompting approaches.
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BASELINE1 results were computed using
the Large Language Model (LLM) Llama ver-
sion 3, with 8 billion parameters (Meta AI,
2024), deployed in a local environment with 8
GB of RAM and a model size of 4.34 GB. The
baseline functionality has been implemented
in an API server whose code is publicly avail-
able2. To carry out the simplification task,
the baseline undertakes the following steps:

• A language identifier process is carried
out to identify the language of the input
text.

• The received input is being chunked into
onr or more paragraphs, which are pro-
cessed separately to avoid overflowing
the LLM.

• A simple prompt is prepared based
on the following sentence “Please sim-
plify the following sentence:” adapted to
Catalan, Spanish, Italian, or Arabic, de-
pending on the identified language.

• Finally, the Llama model is being in-
voked with prompt and text chunk to
produce a single simplification.

BASELINE2 was produced by prompting
the instruction-tuned version of the SALA-
MANDRA (Gonzalez-Agirre et al., 2025)
model with 2 billion parameters, accessed
via the HuggingFace transformer library
(Barcelona Supercomputing Center, 2024),
as a very small model, with prompt 2 taken
from the BLESS benchmark (Kew et al.,
2023), which was only slightly modified to
make the system produce only one output so-
lution. The prompt was translated into each
of the languages and used for the runs pro-
duced in those languages. The English ver-
sion of the prompt is as follows:

Please rewrite the following complex sentence
to make it easier to understand by non-native
speakers of English. You can do so by re-
placing complex words with simpler synonyms
(i.e. paraphrasing), deleting unimportant in-
formation (i.e. compression), and/or splitting
a long complex sentence into several simpler
ones. The final simplified sentence needs to
be grammatical, fluent, and retain the main
ideas of its original counterpart without al-
tering its meaning. Return one rephrasing.
Do not generate any text except the reformu-
lation.

2https://github.com/danielAdanzaDopazo/
BaselineIberlef

7 Participants

In the following subsections, we provide an
overview of the approaches proposed by the
seven teams.

7.1 HumanAI-UCM

The HumanAI-UCM team (Broto-Ortega,
Francisco, and Hervás, 2026) prepared three
submissions for the Spanish language. They
based their systems on LLM prompting, re-
lying on Llama, Phi-4 Mini, and Mistral
models, assessing various prompting strate-
gies over available data to identify the most
suitable configurations. More specifically,
they experimented with zero-shot, one-shot,
and few-shot configurations utilizing prompts
derived from the Easy-to-Read UNE norm
(AENOR, 2018) and tested with the corpus-
based simplification criteria reported in the
MER-TRANS Corpus (Bott et al., 2026).
The impact of incorporating contextual in-
formation via a context window mechanism
was also assessed.

7.2 VICOMTECH

The VICOMTECH team (Calleja, Ponce,
and Etchegoyhen, 2026) presented a compre-
hensive approach to multilingual text adapta-
tion into Easy-Read (ER) format for Arabic,
Catalan, Italian, and Spanish. To achieve
this, they contrasted three distinct mod-
elling paradigms: a foundational few-shot
LLM approach, an ER fine-tuned LLM ap-
proach, and an iterative post-editing frame-
work guided by a learned evaluation metric
adjusted specifically to the task. Across all
configurations, the team heavily utilised the
medium-sized Llama-3 (8B) model family.

7.3 ClearText

The ClearText approach (Estevanell-
Valladares et al., 2026) used an agentive
workflow with three specialised agents that
were dedicated to different groups of rules
from the UNE 153101 EX Easy-to-Read
standard (AENOR, 2018). They applied
orthographic, lexical and syntactic rules in
sequence and in this order. This follows the
intuition that the three agents represent an
expert in each field and the three linguistic
levels are separated from each other. Each
processing stage was completed before its
output was passed to the next agent. The
team submitted one run using Qwen3.6-27B.
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7.4 FACILE

The FACILE team (Diab-Lozano et al.,
2026) participated in the Spanish track of
MER-TRANS; the authors present an au-
tomatic text-simplification approach utiliz-
ing a Qwen3.5-9B model trained via a two-
stage fine-tuning pipeline. In the first stage,
the model is fine-tuned on a binary style-
classification task to accurately recognize
Easy-to-Read (E2R) writing styles. To sup-
port this classification phase, the team com-
piled a substantial corpus of Spanish texts
labelled as either ”easy” or ”difficult”, from
which a stratified subset was used. In the
second stage, the model is fine-tuned to per-
form the actual automatic adaptation, uti-
lizing a parallel corpus of over 3,000 origi-
nal–E2R sentence pairs assembled from two
complementary resources.

7.5 HULAT1

The HULAT1 approach (Mart́ın Ybañez and
Segura-Bedmar, 2026) relied on the Llama
3.3 70B Versatile model to perform prompt-
based simplification for Italian and Span-
ish since it effectively preserved the origi-
nal content while strictly producing the re-
quested simplification. They tested four dis-
tinct prompt configurations by combining
two types of instructions, simple and ad-
vanced, with both zero-shot and few-shot
strategies. The simple prompt instructed
the model to assume the role of a text
simplification expert. Meanwhile, the ad-
vanced prompt extended this basic instruc-
tion by incorporating a set of explicit simpli-
fication rules selected and adapted from the
UNE 153101:2018 EX standard (AENOR,
2018). For the few-shot variants, the
configurations incorporated three language-
specific examples from the MER-TRANS
trial data. To better select the final submis-
sions, the authors assessed their configura-
tions on an augmented dataset produced via
back-translation. Few-shot prompting con-
sistently outperformed zero-shot prompting,
whereas the additional UNE-based rules pro-
duced only marginal improvements.

7.6 NIL-UCM

Building on a previous method used in
CLEARS 2025 (Botella Gil et al., 2025), the
NIL-UCM team (Dı́az and Fernández, 2026)
used an LLM (Mistral-7B-Instruct-v0.3) with
explicit linguistic instructions based on the

easy-to-read UNE 153101 EX basis stan-
dard (AENOR, 2018) to produce a system
for Spanish. The prompt focused on as-
pects related to orthotypography, lexis, mor-
phosyntax, style, and information organi-
zation. They also tested a less restrictive
prompt which they argue may favour bet-
ter language adaptation in the MER-TRANS
context.

7.7 HULAT2

For the Spanish track, the HULAT2 team
(Moreno et al., 2026) submitted three runs
leveraging distinct architectural strategies.
Two (RUN1/RUN2) were generated us-
ing the same LangGraph-based multi-agent
workflow that combines Gemini 2.5 Flash and
RigoChat-7B-v2—a Spanish-oriented model
based on Qwen2.5-7B-Instruct tailored for
Spanish queries. Specific features within the
workflow are used to dynamically determine
whether a text requires conservative rewrit-
ing, syntactic simplification, lexical support,
or stronger semantic control. One of the
workflows (RUN3) integrated specialized lex-
ical resources, drawing from a detailed list of
public resources providing a glossary of learn-
ing words and short explanatory forms. In
contrast, the third run served as a linear gen-
erate–evaluate–regenerate baseline built en-
tirely around the RigoChat model, utilizing
advanced prompt engineering and fine-tuned
using LoRA on the original Spanish Consti-
tution and its E2R version.

8 Metric-based Evaluation

The official evaluation was conducted with
automatic metrics commonly used in text
simplification. In particular, our evalua-
tion code relies on EASSE (Alva-Manchego
et al., 2019), a Python package designed
to facilitate and standardise the automatic
evaluation of sentence simplification systems.
EASSE provides implementations of stan-
dard simplification metrics, including SARI
(Xu et al., 2016) and BLEU (Papineni et al.,
2002), and has been widely used in previous
text simplification research.

We report four metrics: BLEU-Orig,
BLEU-Gold, SARI, and BERTScore. BLEU
is computed at the corpus level for all lan-
guages, while SARI is computed at the cor-
pus level for Catalan, Italian, and Spanish
and as the average of sentence-level scores
for Arabic. BERTScore is reported as the
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mean of the sentence-level F1 scores. All
metrics are computed against a single easy-
to-read reference per input sentence, as the
iDEM corpus provides one expert adaptation
for each original sentence.

BLEU-Orig measures the similarity be-
tween the system output and the original
complex sentence. This score is useful for
identifying conservative systems that remain
very close to the input. However, a high
BLEU-Orig score does not necessarily indi-
cate successful simplification, since copying
the original sentence can also result in high
similarity. BLEU-Gold measures the similar-
ity between the system output and the gold,
easy-to-read reference. This metric provides
an indication of how close the generated sen-
tence is to the reference simplification at the
surface level. Nevertheless, BLEU alone is
limited for text simplification evaluation, be-
cause valid simplifications may differ from
the reference while still being correct and ac-
cessible.

SARI is the main simplification-oriented
metric used in our evaluation and the pri-
mary criterion for ranking systems within
each language, with BLEU-Gold, BLEU-
Orig, and BERTScore used as successive sec-
ondary ranking criteria. It compares the sys-
tem output with both the original sentence
and the gold reference and evaluates whether
the system appropriately keeps, deletes, and
adds textual units. For this reason, SARI
is more suitable than BLEU for assessing
whether a system has actually simplified the
input rather than preserving or paraphrasing
it. As only one reference is available per sen-
tence, SARI is computed in a single-reference
setting.

BERTScore (Zhang et al., 2020) was in-
cluded as a complementary semantic similar-
ity metric. Unlike BLEU, which is based on
lexical overlap, BERTScore uses contextual
embeddings to estimate semantic similarity
between the system output and the gold ref-
erence. This allows the evaluation to capture
cases where the system preserves the mean-
ing of the reference using different wording.
We compute BERTScore with the multilin-
gual xlm-roberta-large model (Conneau et
al., 2020) and report its F1 variant without
baseline rescaling.

Because the task is multilingual, the eval-
uation pipeline applies language-appropriate
text processing. For Catalan, Italian, and

Spanish, BLEU and SARI use EASSE’s in-
ternational tokenizer. For Arabic, we ap-
ply a dedicated preprocessing step consisting
of Unicode NFKC normalisation, removal of
tatweel and diacritics, and word tokenisation
with CAMeL Tools (Obeid et al., 2020), as
well as an Arabic-specific SARI implementa-
tion operating over n-grams of order 1 to 4.

These metrics provide a multi-dimensional
view of system performance. Since easy-
to-read translation requires both simplifica-
tion and meaning preservation, the results
should be interpreted by considering all met-
rics jointly rather than relying on a single
score.

9 Results

Tables 6, 7, 8, and 9 present the official
MER-TRANS results for Arabic, Catalan,
Spanish, and Italian, respectively. The ta-
bles include all participating teams, as well
as the official baselines and the DoNoth-
ing setting. When a team submitted mul-
tiple runs for the same language, we report
the run with the highest SARI score, since
SARI is the main simplification-oriented eval-
uation metric. Systems were evaluated us-
ing BLEU-Orig, BLEU-Gold, SARI, and
BERTScore. BLEU-Orig measures similar-
ity with the original input, BLEU-Gold mea-
sures surface-level overlap with the reference
simplifications, SARI evaluates simplification
operations, and BERTScore captures seman-
tic similarity. Higher BLEU-Gold, SARI, and
BERTScore values generally indicate greater
similarity to the reference or better simpli-
fication performance. BLEU-Orig is instead
a diagnostic measure, a high value indicates
that the output remains close to the source
and may therefore signal insufficient simplifi-
cation.

According to SARI, VICOMTECH
achieved the best result for Arabic, while
ClearText obtained the highest scores
for Catalan, Spanish, and Italian. The
DoNothing baseline achieved very high
BLEU-Orig scores, as expected, because it
preserves the original input; however, its
substantially lower SARI scores show that
copying the input does not perform effective
simplification.

Overall, ClearText achieved the best
SARI scores for Catalan, Spanish, and Ital-
ian, with scores of 48.78, 47.02, and 49.84,
respectively. For Arabic, the best result
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Team Run BLEU-O BLEU-G SARI BERT

VICOMTECH 1 44.02 30.79 39.31 0.935
BASELINE1 1 13.47 10.39 35.77 0.925
BASELINE2 1 9.96 5.16 30.32 0.875
DoNothing 1 100.00 43.88 20.50 0.949

Table 6: Official results for Arabic (n = 378).

Team Run BLEU-O BLEU-G SARI BERT

ClearText 1 18.70 12.95 48.78 0.921
VICOMTECH 1 15.33 9.97 44.71 0.910
BASELINE1 1 14.43 10.21 44.01 0.905
BASELINE2 1 28.04 8.70 40.57 0.912
DoNothing 1 100.00 15.10 11.96 0.924

Table 7: Official results for Catalan (n = 373).

was obtained by VICOMTECH, with a SARI
score of 39.31. This difference may reflect
the greater difficulty of the Arabic setting
for the participating systems in terms of
simplification-oriented evaluation.

The results also show the importance
of evaluating simplification separately from
meaning preservation or surface similarity. A
system may obtain a high BLEU-Orig score
by staying close to the original sentence.
SARI is therefore especially important in this
task because it rewards appropriate rewriting
operations rather than simple copying.

Across languages, the best SARI scores
for Catalan, Spanish, and Italian were rel-
atively close, ranging from 47.02 to 49.84.
In contrast, the best Arabic SARI score was
lower, at 39.31. This difference may reflect
the greater difficulty of the Arabic setting,
especially because Arabic was included as a
surprise language.

In summary, the official results show that
MER-TRANS is a challenging, multilingual,
easy-to-read translation task. The strongest
systems were those that balanced simplifica-
tion with semantic preservation. The con-
trast between BLEU-based scores and SARI
confirms that easy-to-read translation should
be evaluated as a simplification task, not only
as a sentence generation or translation task.

9.1 Statistical System Comparison

We ran systematic statistical comparisons
(paired one-sided t-tests) between the
outputs of the different systems and the
baselines to see if their performances were
significantly different from each other. As
data points, we used the SARI results of
individual sentences. We were only inter-
ested in the significance of differences, not

Team Run BLEU-O BLEU-G SARI BERT

ClearText 1 18.00 15.45 47.02 0.922
VICOMTECH 3 20.79 14.11 45.58 0.924

HULAT1 2 33.18 17.71 45.02 0.927
HULAT2 1 35.57 17.57 44.05 0.926

BASELINE1 1 18.95 10.89 43.29 0.913
HumanAI-UCM 2 26.98 11.84 41.62 0.911

FACILE 1 3.00 2.86 41.61 0.878
NIL-UCM 2 11.38 4.80 40.52 0.903

BASELINE2 1 29.09 9.39 37.18 0.902
DoNothing 1 100.00 23.22 13.87 0.930

Table 8: Official results for Spanish (n = 350).

Team Run BLEU-O BLEU-G SARI BERT

ClearText 1 18.63 13.88 49.84 0.92
HULAT1 3 23.44 16.00 48.68 0.92
HULAT1 2 24.71 15.11 48.67 0.93

BASELINE1 1 16.58 10.15 46.51 0.91
VICOMTECH 1 9.04 8.01 46.48 0.91

HULAT1 1 34.65 15.59 43.98 0.92
VICOMTECH 3 30.66 8.70 41.63 0.91
BASELINE2 1 24.74 6.25 39.52 0.90
VICOMTECH 2 45.02 9.49 37.01 0.92
DoNothing 1 100.00 12.40 10.37 0.91

Table 9: Official results for Italian (n = 317).

in effect sizes. For Spanish, there was the
highest number of participating teams and
submissions. The results were correspond-
ingly very close to each other. Table 10
presents a cross-comparison by significance
level. Only the highest-scoring runs (SARI)
of each participant are listed. It can be
seen that the two top-scoring systems,
ClearText and VICOMTECH, are so close
together that the difference between them is
only significant at the lowest level (p¡0.05),
and so are the difference between rank 2
(VICOMTECH) and 3 (HULAT1). Other
pairs with this low level of significance in
differences are FACILE vs. HumanAI-UCM
and HumanAI-UCM vs NIL-UCM, as well as
HumanAI-UCM vs NIL-UCM. HULAT1 and
HULAT2 differed at the p < 0.01 level and
HULAT2 vs BASELINE1 at the p < 0.05
level.

For the other three languages - Catalan,
Italian and Arabic - the performance differ-
ences were generally larger, but for Italian,
again, the two best-scoring systems, ClearT-
ext and HULAT1, were significantly different
only at the p¡0.05 level. Results are given in
tables 11, 12, and 13.
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VICOMTECH *

HULAT1 * *

HULAT2 *** *** **

BASELINE1 *** *** ** *

HumanAI-UCM *** *** ** ** *

FACILE *** *** *** * ** *

NIL-UCM *** *** *** ** *** * *

BASELINE2 *** *** *** *** *** *** *** ***

DoNothing *** *** *** *** *** *** *** *** ***

Table 10: Statistical comparison in terms of sig-
nificant differences for Spanish (’-’: no signifi-
cance, ’*’: p¡0.05, ’**’: p¡0.01, ’***’: p¡0.001).
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ClearText

VICOMTECH ***

BASELINE1 *** *

BASELINE2 *** *** ***

DoNothing *** *** *** ***

Table 11: Statistical comparison in terms of sig-
nificant differences for Catalan (’-’: no signifi-
cance, ’*’: p¡0.05, ’**’: p¡0.01, ’***’: p¡0.001).

10 Conclusion

This paper presented MER-TRANS, the first
shared task on multilingual Easy-to-Read
translation covering Catalan, Spanish, Ital-
ian, and Arabic. Seven teams participated
and explored a diverse range of methods, in-
cluding prompting, fine-tuning, multi-agent
systems, lexical resources, and iterative post-
editing. This diversity is an important out-
come of the task, as it allows different ap-
proaches to be compared using the same data
and evaluation framework, helping identify
promising directions for future research.

ClearText achieved the highest SARI
scores for Catalan, Spanish, and Italian using
a sequential multi-agent workflow in which
specialised agents applied orthographic, lex-
ical, and syntactic Easy-to-Read rules. VI-
COMTECH obtained the best result for Ara-
bic using a pretrained Llama 3.1 8B model
with few-shot and incremental context pro-
cessing, in which previously simplified sen-
tences and the complete source document
were provided as context. The statisti-
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ClearText

HULAT1 *

BASELINE1 *** ***

VICOMTECH *** *** *

BASELINE2 *** *** *** ***

DoNothing *** *** *** *** ***

Table 12: Statistical comparison in terms of sig-
nificant differences for Italian (’-’: no significance,
’*’: p¡0.05, ’**’: p¡0.01, ’***’: p¡0.001).
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VICOMTECH

BASELINE1 ***

BASELINE2 *** ***

DoNothing *** *** ***

Table 13: Statistical comparison in terms of sig-
nificant differences for Arabic (’-’: no significance,
’*’: p¡0.05, ’**’: p¡0.01, ’***’: p¡0.001).

cal comparisons further showed that differ-
ences between neighbouring systems were not
always significant, particularly among the
highest-ranked Spanish and Italian submis-
sions.

Future editions of MER-TRANS will ex-
tend the evaluation through human as-
sessment and validation with target read-
ers, while also considering multiple reference
adaptations and document context. Expand-
ing the task to further languages and domains
will support the development of more robust
and inclusive Easy-to-Read translation sys-
tems.
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I. González Dios, M. T. Mart́ın Val-
divia, and L. A. Ureña López. 2025.
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